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Abstract

A classic issue in ecology is to understand how similar species coexist in a given area (i.e., sympatry). The situation of dolphins
in the Western Mediterranean Sea may represent a special case of sympatry in that three similar species (the short-beaked common
dolphin [Delphinus delphis], the striped dolphin [Stenella coeruleoalba), and the bottlenose dolphin [ Tursiops truncatus) are under
strong human impacts in the same area. From the viewpoint of ecology and conservation biology, it is challenging to determine
how these three dolphin species live together and avoid competitive exclusion in the setting of such impacts. The Spanish Institute
of Oceanography has a dataset of dolphin species opportunistic sightings. Using these data, we constructed three binary variables,
comprising the sighting of one species versus the sighting of either of the other two species. We obtained three significant proba-
bility models after performing logistic regression of these binary variables on a set of spatio-temporal explanatory variables. We
analysed these models from the perspective of fuzzy set theory by applying the favourability function to the probability models,
fuzzy operations overlap, and entropy. The results show that common dolphins are differentially favoured in the eastern part of the
study area and far away from main shipping routes. The striped dolphin was differentially favoured in the western part of the study
area, above deep waters, near main shipping routes, and in summer and spring. Finally, bottlenose dolphins were differentially
favoured in the mid-western part of the study area, in winter, and over shallow waters.

Keywords: Delphinus delphis; distribution; favourability; fuzzy set theory; modelling; niche; Stenella coeruleoalba; Tursiops

truncatus.

Introduction

A classic issue in ecology is to understand how sim-
ilar species coexist in a given area (i.e., sympatry) (e.g.,
Hutchinson, 1961). The situation of dolphins in the West-
ern Mediterranean Sea may represent a special case of
sympatry in that three similar species (the short-beaked
common dolphin [Delphinus delphis], the striped dol-
phin [Stenella coeruleoalba], and the bottlenose dolphin
[Tursiops truncatus] are under strong human impacts in
the same area (e.g., Notarbartolo di Sciara et al., 2002;
Bearzi, 2003; Bearzi ef al., 2008; Gambaiani ef al., 2009;
Aguilar & Gaspari, 2012; Bearzi et al., 2012; Mira et
al., 2019). It is striking that these dolphin species have a
worse conservation status in the Mediterranean Sea than
they have worldwide. From the viewpoint of ecology and
conservation biology, it is challenging to determine how
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these three dolphin species live together and avoid com-
petitive exclusion in the setting of such impacts.

Previous studies have found trophic segregation be-
tween the small dolphins (striped and short-beaked com-
mon dolphins) and bottlenose dolphins, and a greater
degree of spatial segregation between cetacean species
by depth with some overlap among offshore species (i.e.,
short-beaked common and bottlenose dolphins) (Gimén-
ez et al., 2017a; 2018a). Mixed groups of dolphins are
frequent in the Mediterranean, where they can also co-
exist or at least exist in spatial sympatry (Bearzi, 2005;
Bearzi et al., 2016). These sympatric species may mix
in shared groups, engage in interspecific associative be-
haviour, and even give rise to hybrids (Herzing & Elliser,
2013; Bearzi et al., 2016; Espada et al., 2019).

It is far from easy to assess the effects of one spe-
cies on the distribution of another. When a database of
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presences of a species is available, it has been custom-
ary to compare these presences in relation to the back-
ground area purportedly to model the realized niche (i.e.,
the environmental space from which the species has not
been excluded by biotic competition) (Hutchinson, 1957;
Elith & Leathwick, 2009). However, this approach does
not guarantee that specific competition is taken into ac-
count, such as that between one dolphin species and an-
other. Nevertheless, some databases provide records of
several species in the same area, which can be compared
to assess the differential use of the territory. This model-
ling approach explicitly includes the presence of poten-
tial competitor species in the models and is better suited
to model Hutchinson’s concept of realized niches and to
assess the effects of competition on species distribution.
Realized niches cannot be interpreted as the fundamen-
tal niches of species, because the territories and environ-
ments analysed are much smaller than the global distri-
bution and environmental space of species. However,
this approach can be used to assess the differential spa-
tio-temporal responses of species to the characteristics
of the area analysed. Such data are of crucial importance
in understanding key local interactions between species,
which are useful for local conservation planning.

The main aim of this study was to perform a macros-
cale biogeographical analysis of the differential distribu-
tion of sightings of three dolphin species in the Western
Mediterranean Sea in order to understand the complex
system of partly shared and partly unshared use of these
waters by these species in the area. We also discuss the
implications of the results in relation to conserving these
species.

We applied a fuzzy approach to this issue. Fuzzy set
theory is being increasingly used in biogeography (Rob-
ertson et al., 2004; Real et al., 2009; 2017;2022 Olivero
et al., 2011; 2017). A fuzzy set is a class of objects with
a continuum of degrees of membership in the set ranging
from zero to one. Thus, fuzzy sets do not have sharply
defined boundaries and may better reflect the continuous

character of nature (Salski, 2006). Fuzzy set theory may
be more successful than crisp approaches when dealing
with typical fuzzy notions such as differential favourabil-
ity for the occurrence of a species in a particular region
or similarity between the responses of different species
to the environmental conditions (Zadeh, 1965; Acevedo
& Real, 2012; Real et al., 2017). Hutchinson (1957) ap-
plied classic set theory to define fundamental and real-
ized niches, while drawing attention to the limitations of
this approach. Such limitations included the assumption
that all points within each fundamental niche implied the
equal probability of species persistence and all points
outside such niches implied zero probability of survival.
We suggest that the application of fuzzy set theory (Za-
deh, 1965) may surmount this limitation. Furthermore,
the complexity of the shared and unshared use of waters
typical of dolphin species means that fuzzy set theory
provides a more suitable basis on which to investigate
this issue (Zadeh, 1965).

Material and Methods
Study area

The study area comprised the Western Mediterranean
Sea from the Strait of Gibraltar to Sardinia (35.9° N, 43.1°
N; 5.5°W, 9.4°E) (Fig. 1). This area includes two subre-
gions, the Alboran Sea/Strait of Gibraltar and the Alge-
ro-Provencal Basin (UNEP-MAP-RAC/SPA, 2010), and
is characterized by a narrow continental shelf. The north
coast is highly urbanized and the Alboran Sea and the
Strait of Gibraltar have one of the highest vessel densities
in the world. Primary production is spatially heterogene-
ous and is influenced by the effect of currents, submarine
canyons, runoff of fresh water from rivers, and the mix of
water layers generated by local winds (Goffredo & Du-
binsky, 2014).

Many dolphin studies conducted in the Mediterranean
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Fig 1: Study area.

Medit. Mar. Sci., 24/1 2023, 34-49

2E 4E 6E 8E

35



have typically focused on the International Sanctuary for
the Protection of Mediterranean Marine Mammals. This
area is generally known as the called “Pelagos Sanctu-
ary” (Notarbartolo di Sciara et al., 2008), and is a large
protected area for cetaceans situated in the north-east of
the Western Mediterranean Sea (Laran & Drouot-Dulau,
2007; Gnone et al., 2011; Azzellino et al., 2012). Howev-
er, this focus has led to a scarcity of knowledge on other
areas of the Mediterranean Sea, especially in its southern
parts (UNEP-MAP-RAC/SPA, 2010).

Data collection

Since 1995, the Spanish Institute of Oceanography
(IEO) has been collecting opportunistic sightings (OS) of
dolphins in the Western Mediterranean Sea. These data
have been provided by scientific observers aboard fishing
boats operating in the area, those working in the IEO fish-
ery-program, and volunteer experts in marine mammal
observations previously trained in cetacean identification
and data collection. The OS dataset up to 2014 contained
482 records of dolphin species (Fig. 2, Table S1) com-
prising 120 sightings of short-beaked common dolphins,
322 sightings of striped dolphins, and 40 sightings of bot-
tlenose dolphins. Each sighting represents individuals or
groups and includes data on position, time, date, kind of
vessel, and observer. When mixed groups were seen, the
sighting of each species was recorded in the same posi-
tion. In this way, the bias due to uneven sampling effort,
which is typical of OS data, is consistent over all the ob-
servations and cannot be the cause of differential patterns
between the three species in the dataset.

6w aw 2w 0°

Explanatory variables

Spatio-temporal variables were chosen according to
their availability and theoretical potential for describing,
explaining, and predicting the spatio-temporal use of the
Western Mediterranean waters by these species (Hook-
er et al., 1999; Barbosa et al., 2001; Real et al., 2003;
Carlucci et al., 2016; Arcangeli et al., 2017; Torreblanca
et al., 2019; Dwyer et al., 2020). These variables were
assumed to be at least correlated with the main drivers of
the broad-scale spatio-temporal patterns (Torreblanca et
al., 2019). We divided the variables into four explanatory
factors:

1. Physiographical variables: These are used to measure
the effect of the environment and oceanography on
dolphin distribution:

* Bathymetry (BA): This is a continuous spatial vari-
able that is used to measure the depth of the water
column at a chosen point. This variable is known
to influence the presence of cetaceans (Hooker
et al., 1999). The bathymetry layer was obtained
from the European Marine Observation and Data
Network “EMODnet” (http://www.emodnet.eu/
bathymetry, version released 2018).

* Distance to the coast (DC): This is a continuous
spatial variable that is used to measure the effect
of emerged areas. When the DC is long, species
distribution is more affected by the pelagic ecosys-
tem than by the continent. The DC was calculated
using the shapefile “coastline” from the follow-
ing webpage: http://www.naturalearthdata.com/
downloads/10m-physical-vectors/10m-coastline/.
We expected that the probability of dolphin obser-
vations would increase according to their known
neritic/pelagic habitat preferences. For example,
there would be a higher probability of observing
bottlenose dolphins near the coast (e.g., Arcangeli
etal.,2017).
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Fig. 2: Geographical distribution of the opportunistic sightings (1995-2014) analysed. Green dots indicate bottlenose dolphins, red
dots indicate short-beaked common dolphins, and blue dots indicate striped dolphins.
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2. Temporal factor. Season is a categorical variable that
is used to measure changes in the probability of obser-
vation of these species over a year, which could be due
to their feeding, reproductive, or migratory behaviour
(Dwyer et al., 2020). The categories used were spring
(Spr; 21 March-20 June), summer (Sum; 21 June—22
September), autumn (Aut; 23 September—21 Decem-
ber), and winter (Win; 22 December—20 March).

3. Pure spatial factor: Degrees latitude (Lat) and longi-
tude (Lon) are continuous coordinates obtained during
sightings. These variables were included to take into
account the spatial structure of the observed data. The
spatial structure of species distribution could be due to
interactions between environmental factors and space
(Legendre & Fortin 1989; Borcard ef al., 1992) or by
contagious biotic processes in space that are inherent
to the population dynamics of the species (Legendre,
1993; Barbosa et al., 2001; Real et al., 2003).

4. Anthropogenic spatial factors: These are associated
variables that are used to indirectly measure distur-
bances generated by human activities (Carlucci ef al.,
2016; ):

» Distance to main shipping routes (MSR): This is a
continuous variable used to measure whether large
commercial ships affect dolphin distributions. A
shapefile that included the main maritime routes
in the study area was created using the informa-
tion that appears in Google maps. We digitized the
lines representing the commercial vessel routes
into a shapefile (Torreblanca et al., 2019). The
distance in kilometres from each sighting to the
nearest route was calculated using ArcGis 10.1.

» Distance to coastal cities with more than 100 000
inhabitants (DCi): This is a continuous variable
used to assess whether proximity to large coastal
cities affects the probability of sightings (Torre-
blanca et al., 2019). A shapefile was created that
included coastal cities with more than 100 000
inhabitants in the study area. The distance in kilo-
metres from each sighting to the nearest city was
calculated using ArcGIS 10.1.

Building the differential distribution models

Species distribution models are useful (e.g. Cafiadas
et al., 2002; Canadas & Hammond 2006; McClellan et
al., 2014) for disentangling complex distribution pat-
terns. Generalized Linear Models are a powerful mod-
elling technique for dichotomous variables (Peng et al.,
2002) that do not require normal distributions or homo-
geneous variance in the dataset (Hosmer & Lemeshow,
2000; Guisan & Zimmermann, 2000). In particular, bi-
nary logistic regression has been frequently used to com-
pare a dependent binary variable to predictors of the two
states of the variable. This approach makes it possible
to test whether the probability of occurrence of an event
can be predicted from a set of quantitative and qualitative
predictor variables (Hosmer & Lemeshow, 2000). Binary
logistic regression has already been used to investigate
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cetacean distribution (Gordon et al., 2000; Azzellino et
al.,2012; Torreblanca et al., 2019). However, OS provide
information about occurrences. For this reason, a binary
variable for the occurrence of a species was built by us-
ing the occurrence of any of the other two species as a
contrasting state. This implies that the probability values
derived from these models represent the differential re-
sponse of each species compared to that of the two others
(Torreblanca et al., 2019).

In a first step, we obtained a multivariate probability
model for each species by performing a forward-back-
ward stepwise logistic regression of the occurrence of
each species against the occurrence of any of the other
two on the explanatory variables. This procedure started
with a null model (i.e., a model with no predictor vari-
able), which yields a constant probability of the sighting
of the target species being equal to the prevalence of the
species in the OS dataset. Next, a significant combina-
tion of predictor variables (y or logit) was built by add-
ing the variables that provided the most significant con-
tribution—and only if the contribution was statistically
significant—to the model obtained in the previous step
(Hosmer & Lemeshow, 2000). Variables entered in the
first steps were those with overall broad-scale predictive
power, while those entered in subsequent steps added sig-
nificant nuances to the previous predictive model. The
definitive model was obtained when no more variables
significantly added to the predictive power of the model.
The effect of the excluded variables, if any, was effec-
tively included in the model via correlated variables, such
that their exclusion avoided redundancy. We checked that
the model obtained in the final step had a better AIC val-
ue than those in the previous steps (Akaike, 1973). This
model provided the probability of sighting a species in-
stead of any of the other species according to the explan-
atory conditions.

However, sightings of the more common species is
always more likely irrespective of environmental con-
ditions (Acevedo & Real, 2012). Therefore, in a second
step, we calculated the favourability function (Real et al.,
2006a) according to each multivariate probability mod-
el. This function was calculated using the probability
obtained in the logistic regression using the following
function:

P

)

n, P

nyg (1—-P)
where n, is the number of sightings of the target species,
n, is the number of sightings of either of the other two
species, and P is the probability value obtained in the lo-
gistic regression. This function describes the degree to
which the environmental conditions are differentially fa-
vourable for each species compared to those of the other
two species.

Favourability values range from 0 to 1 and are not
affected by an unequal proportion of occurrences of the
different species in the dataset (Real ef al., 2006a). When
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the probability of occurrence of a species is the same as
its prevalence in the dataset, the favourability value is
0.5. Thus, the use of favourability allows for comparisons
between models that differ in relation to prevalence (Real
et al., 2009; Acevedo et al., 2010). For this reason, the
favourability function has been widely used to identify
interspecific relations (Real et al., 2006b; 2009; Acevedo
et al.,2010; Reino et al., 2017).

Fuzzy differential relationships

Favourability values can be used with fuzzy logic
operators to compare different species models, whereas
probability values cannot be used in this way (Zadeh,
1965; Real et al., 2009; Acevedo et al., 2010). This is the
case because the favourability value for the occurrence of
a dolphin species in a locality compared to that of any of
the other species in the same locality can be regarded as
the membership value of the locality in the fuzzy set of
localities that are differentially favourable for this species
(Real et al., 2006a). The size of this fuzzy set is called the
cardinal of the fuzzy set and is the sum of the member-
ship values of all the localities (Zadeh, 1965): that is, the
sum of all the favourability values

Ci = X(Fi)

where Fi is the favourability value calculated at each
location for each species i. The higher the cardinal of a
favourability model the more favourable are the overall
conditions for the species when compared with those of
the other species.

The minimum favourability value for two or three
species at a given location can be regarded as the mem-
bership value in the fuzzy intersection between the two or
three fuzzy sets (Zadeh, 1965). In this way, it is possible
to identify the degree to which the locations are simulta-
neously favourable for the species compared:

FoNFy= Min[Fs(0),Ff,(x)], x€X
where F_and F, are the favourability values of each spe-
cies at each location.

If the cardinal of the intersection between the fa-
vourability models for several species is high, then the
response of the species to the predictor variables is very
similar.

The maximum favourability value at a given location
among those of two or more species can be regarded as
the fuzzy union between the fuzzy sets (Zadeh, 1965):

FqUF, = Max [F4(x), Fp(x)],

which identifies the degree to which the locations are dif-
ferentially favourable for either of several species. If the
cardinal of the union between several fuzzy sets is high,
then the differential response of the species to the predic-
tor variables is also high.

We also calculated the fuzzy overlap index for each

x € X
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pair of species and for the triplet. The overlap between
two fuzzy sets is defined as the cardinal of their intersec-
tion divided by the cardinal of their union:

_Cla N k)
- C(F,UFy)

where values range from 0 (no favourability overlap)
to 1 (complete favourability overlap) (Dubois & Prade,
1980; Kunchenva, 2001; Acevedo et al., 2010).

The complementary of a fuzzy set (4) is another fuzzy
set (4’) in which the membership value of each location
is 1 minus the favourability value in the original fuzzy set
(Zadeh, 1965). Fuzzy entropy is the cardinal of the fuzzy
intersection of a fuzzy set with its complementary fuzzy
set divided by the cardinal of the fuzzy union of the fuzzy
set with its complementary (Kosko, 1986):

_AnA

E AU A

The species with the highest entropy value would be
the most generalist of the three species.

Overall information on the differential biogeography
of the species is provided by all these values, which were
obtained in the framework of fuzzy set theory (favour-
ability at a location, the cardinal of favourability, the car-
dinal of the intersection, the cardinal of the union, the
fuzzy overlap index, and fuzzy entropy). For a more de-
tailed analysis of the results, we divided the differential
favourability for each species into 10 intervals of equal
range and computed the mean favourability of all the spe-
cies at every interval (Acevedo et al., 2010).

FOI

Evaluation of the models

The statistical significance of the models was tested
using the Omnibus test. The statistical significance of
the parameters and that of the variables introduced in
the model were determined using the Wald test (Peng et
al., 2002; Azzellino et al., 2012). The goodness of fit, or
calibration, of the models was evaluated using the Hos-
mer-Lemeshow test, which compares the observed and
expected frequencies of each value of the binary vari-
able according to its probability (Hosmer & Lemeshow,
2000). For correctly adjusted models, no significant dif-
ferences are expected between the observed and expected
distributions (Peng et al., 2002).

A confusion matrix (Fielding & Bell, 1997) was built
using the favourability value F= 0.5 as a threshold to
classify sighting locations as corresponding to the target
species (positive event) or to any of the two others (neg-
ative event). The classification power of this matrix was
evaluated by calculating its sensitivity (right classifica-
tion rate of observed positive events), specificity (right
classification rate of observed negative events), correct
classification rate (CCR; right classification rate of ob-
served positive and negative events), overprediction rate
(proportion of predicted positive events not matched by
the observations), underprediction rate (proportion of
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predicted negative events not matched by the observa-
tions), and Cohen’s kappa (Fielding & Bell, 1997; Ander-
son et al., 2003; Barbosa et al., 2013).

The discrimination capacity of the model was also
evaluated with the area under the receiver operating
characteristic curve (AUC). The AUC of a model is a
value between 0 and 1, with 0.5 denoting no discrimina-
tion (Lobo et al., 2008). Hosmer and Lemeshow (2000)
considered that AUC values higher than 0.9 indicate
outstanding discrimination, values higher than 0.8 mean
excellent discrimination, and those higher than 0.7 are in-
dicative of acceptable discrimination. In our case, AUC
values above 0.7 indicate a marked differential response,
values above 0.8 indicate a high differential response,
and values above 0.9 indicate an extremely differential
response.

Results

The results of the Omnibus test showed that there
were three significant models, one for each target species.
Table 1 shows the variables that explained the differential
distribution of the three species. The AUC values indicate
that the differential response of short-beaked common
and striped dolphins has good discrimination capacity,
whereas the differential response of bottlenose dolphins
has high discrimination capacity (Table 1). The results of
the Hosmer-Lemeshow test showed that all the models
had good calibration, because no significant differences
were found between the observed and expected values.

Favourability as a function of explanatory variables
The logit functions presented in Table 1 show that fa-

vourability for striped dolphins and bottlenose dolphins
increases and decreases with depth, respectively. The

mean depth was 1450.44 = 805.82 m for striped dolphins,
540.9 £ 510.39 m for bottlenose dolphins, and 991.43 +
809.67 m short-beaked common dolphins. This suggests
that bottlenose dolphins are differentially favoured by
shallow waters, whereas striped dolphins are differen-
tially favoured by deeper waters. This pattern is can be
clearly seen in Fig. 3, which shows favourability for the
three species by depth.

The coefficients of the logits presented in Table 1 show
that favourability for striped dolphins and, to a lesser ex-
tent, for bottlenose dolphins, increases in the eastern part
of the study area, whereas favourability for short-beaked
common dolphins increases in the western part. Figure
4 presents the differential favourability of each species
by geographic longitude, showing that short-beaked com-
mon dolphins and striped dolphins present opposite pat-
terns. However, no clear pattern appears for bottlenose
dolphins, even though longitude is a significant variable
in the favourability function (Table 1). Longitude was
only entered in the model after bathymetry, which sug-
gests that bottlenose dolphins, at the same depth, are fa-
voured in the eastern part of the study area, although this
effect is obscured by these parts being quite deep.

The coefficients of the logit functions shown in Table
1 suggest that distance to the MSRs segregate striped dol-
phins from short-beaked common dolphins, which are dif-
ferentially favoured by short distances and long distances
to these routes, respectively. Figure 5 shows the distance to
MSRs by differential favourability for each species. Due to
its topography, the Alboran Sea funnels marine traffic and
so shipping density is very high. Thus, we constructed two
figures comprising the whole study area (Fig. 5A) and the
Alboran Sea (Fig. 5B), and compared them to determine
any local differences in the Alboran Sea. Although no clear
trend is observable in Fig. 5A, Fig. 5B shows that favour-
ability for short-beaked common dolphins and bottlenose
dolphins increases by distance from the MSRs, whereas it
decreases for striped dolphins.

Table 1. Significant differential distribution models for the three dolphin species and results of the evaluation measures applied
to the different models. Variables in the logits are ordered according to the order of entrance in the stepwise modelling procedure.
Lon: Geographic Longitude. MSR: Distance to main shipping routes. BA: Bathymetry. AUC: Area Under the receiver-operat-
ing-characteristic Curve. Kappa: Cohen’s Kappa. CCR: Correct classification rate.

Short-beaked common
dolphin

Striped dolphin

Bottlenose dolphin

Logit function

Omnibus test x?=89.690; g.1.=2;

P<0.001
AUC 0.744
Hosmer-Lemeshow x2=11.045; g.1.=8;

test P=0.199
Kappa 0.35594781
Sensitivity 0.54166667
Specificity 0.82320442
CCR 0.75311203
Underprediction 0.15580737
Overprediction 0.49612403

x2=110.811; g.1.=6; P<0.001

2= 12.048; g.1.=8; P=0.149

42=55.758; g.1.=5; P<0.001
0.766 0.807

x2=8.305; df = 8; P=0.404

0.43374483 0.20684026
0.76397516 0.700
0.6875 0.74434389
0.73858921 0.7406639
0.40860215 0.03519062
0.16891892 0.80141844
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Figure 6 shows variations in differential favourability
for the three species as well as the frequency of the differ-
ent favourability intervals for each species in the Western
Mediterranean Sea.

Figure 7 shows the location of the most differentially
favourable OS for each species (F>0.8) and the species
that were actually sighted at each location.

The following fuzzy overlap indexes were obtained:
short-beaked common dolphins and striped dolphins
(0.473), short-beaked common dolphins and bottlenose
dolphins (0.497), and striped dolphins and bottlenose
dolphins (0.397). The fuzzy overlap index for the three
species was 0.293. The values of the cardinals presented
in Table 2 show that the largest fuzzy set of locations fa-

Table 2. Cardinal and entropy values of each fuzzy set of locations differentially favourable for each species.

Cardinal Entropy
Short-beaked common dolphin 218.85 0.4680
Striped dolphin 251.41 0.4374
Bottlenose dolphin 218.03 0.3463
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vourable for any species was that of striped dolphins. The
lowest entropy value was that of the bottlenose dolphin
(Table 2), suggesting that this species had a stronger dif-
ferential response than the other species.

Discussion
The meaning of a differential favourability pattern

The models obtained can be referred to as multispecif-
ic models given that sightings of two species were used
to contrast sightings of each target species. Thus, all the
results should be interpreted in terms of the differential
distribution of one species compared to that of the other
species (MacLeod ef al., 2008; Torreblanca et al., 2019).
Nevertheless, these models had a discriminatory power
that was similar to or higher than (see AUC values in Ta-
ble 1) that obtained in previous cetacean studies that con-
trasted presences with absences. For example, Praca et al.
(2009) obtained discrimination values of AUC=0.70 and
AUC=0.79 for sperm whale distribution. This result sug-
gests that adjusting the differential distribution models of
some species versus others could yield models with better
discrimination than models that compare the presence of
a species in relation to unsuitable locations.

This result may have implications regarding the ap-
plication of the ecological niche concept to our models.
Distribution models built from presence/absence data
usually apply the Hutchinsonian niche concept (Hutchin-
son, 1957), which includes the notion of fundamental
niche as an n-dimensional volume comprising the phys-
ical and biological environmental space where a species
can maintain a viable population and persist over time
without migration. Most authors rarely include biologi-
cal variables in their distribution models, thus restricting
their niche to the abiotic conditions, typically arguing that
they are modelling the realized niche, which is defined as
the portion of the fundamental niche from which a spe-
cies is not excluded due to biotic competition. However,
the direct comparison of the actual distribution with the
environmental space better fits the notion of occupied
niche (Pearson, 2007), which includes constraints oth-
er than competition, such as historical and geographical
limitations to the species’ ability to reach suitable areas,
and other biotic interactions such as predation, symbio-
sis, and parasitism. Given that we included the presence
of potential competitor species in the models, we explic-
itly assessed the effects of competition on dolphin species
distributions, thus modelling Hutchinson’s realized niche.
The application of fuzzy set theory (Zadeh, 1965) allowed
us to describe an internal structure of Hutchinson’s real-
ized niche. This description is closer to the niche concept
proposed by Maguire (1973), who suggested that niches
are the responses of species as a function of the habitat
conditions. As Maguire (1973) suggested, favourability
models are functions that represent niches as interac-
tions between species and environments (Gouveia et al.,
2020). The differential favourability models we obtained
are restricted to interactions between the species analysed
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in the spatio-temporal setting of the Western Mediterra-
nean Sea. Similar to the way in which Maguire’s niche
is a property of the complex comprising the species and
environment, the differential distribution models we ob-
tained are properties of the complex comprising the three
dolphin species and the spatio-temporal characteristics
of the Western Mediterranean Sea. This approach to the
concept of niche differs from other approaches, which
are more universal. However, our approach is of more
practical usefulness in understanding the spatio-temporal
distribution of dolphin species.

Factors associated with the differential spatio-temporal
use of Western Mediterranean waters by dolphins

Significant relationships were found between the dif-
ferential use of the Western Mediterranean Sea by the
three dolphin species and four variables: bathymetry, lon-
gitude, MSR, and season (Table 1).

Bathymetry had opposite effects on striped dolphins
and bottlenose dolphins (Fig. 3, Table 1). Bottlenose dol-
phins were differentially favoured by shallow waters and
striped dolphins were differentially favoured by pelagic
waters (Notarbartolo di Sciara ef al., 1993; Kiszka et al.,
2007; Anderwald et al., 2012; Pikesley et al., 2012; Az-
zellino et al., 2014). This result is suggestive of niche dif-
ferentiation between these dolphin species. Short-beaked
common dolphins occupied an intermediate position be-
tween these two patterns (Fig. 3). Bottlenose dolphins and
short-beaked common dolphins are often seen near coasts
and over the continental shelf (Anderwald et al., 2012;
Arcangeli et al., 2017). However, short-beaked common
dolphins have also been described as following a bimodal
pattern, with higher densities on edges of the continen-
tal shelf and another maximum in deep waters (Cafiadas
& Hammond, 2008). Analysis of the dataset shows that
only bottlenose dolphins were differentially sighted over
shallower waters. This result may be due to the fact that
short-beaked common dolphins and bottlenose dolphins
are trophically segregated (Giménez et al., 2018a) in the
sense that short-beaked common dolphins tend to prey
on mesopelagic species (Giménez et al., 2018b), whereas
bottlenose dolphins predominantly prey on benthic spe-
cies, such as Merluccius merlucius and Conger conger
(Giménez et al., 2017b).

Longitude had opposite effects on short-beaked com-
mon dolphins and striped dolphins (Fig. 4, Table 1). At
coordinates close to zero, all species overlapped, whereas
the three species were segregated at values of more than
4°W (Fig. 4). Other longitudinal biodiversity patterns
have been reported in the Mediterranean Sea. Examples
include the higher Chondrichthyes species richness near
the Strait of Gibraltar (Meléndez et al., 2017) and also
in relation to dolphin species, which corroborates our re-
sults for short-beaked common dolphins (Karamitros et
al., 2020). This result suggests that these types of longi-
tudinal pattern are relevant in the Mediterranean Sea and
that the populations of many species could be structured
by this purely spatial factor.
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Main shipping routes also had opposite effects on
short-beaked common dolphins and striped dolphins
(Fig. 5, Table 1). A detailed analysis of their response as
a function of MSR (see Fig. 5) shows that the three spe-
cies are segregated at an average of more than 60 km.
Changes in traffic between seasons could also influence
changes in species range (Coomber et al., 2016).

Finally, season also had opposite effects on striped
dolphins and bottlenose dolphins. The results suggest that
there are seasonal changes in striped dolphin abundance,
with higher abundance in spring and summer and a dis-
persed distribution in autumn and winter. Such changes
have been identified in previous studies (Gomez de Se-
gura et al., 2006; Arcangeli et al., 2017) and are probably
driven by prey availability. In contrast, although Arcange-
li et al. (2017) did not detect bottlenose dolphins in win-
ter, our results suggest that the most favourable season is
winter. This result has also been described by Lambert et
al. (2017), and could be due to competition with striped
dolphin; favourability for bottlenose dolphins is higher in
autumn and winter, when the distribution of the striped
dolphin is more dispersed. However, as suggested by
Lambert et al. (2017), it could also be due to phenologi-
cal constraints, given that bottlenose dolphins migrate to
neritic waters in summer for calving. Further research is
needed to understand their annual movements, especially
on the high seas (Arcangeli et al., 2017), but it seems
clear that they use different parts of the Western Mediter-
ranean for summering, wintering, or year-round (Cotté et
al., 2010). Thus, these findings suggest that there is a dif-
ferential spatio-temporal distribution of the three dolphin
species in the Western Mediterranean Sea.

Differential distribution of short-beaked common dol-
phins

Short-beaked common dolphins are known to be pres-
ent in both neritic and pelagic waters (Notarbartolo di
Sciara et al., 1993; Canadas et al., 2002): however, in the
Western Mediterranean Sea, they are mainly present in
coastal areas (Forcada & Hammond, 1998) and particu-
larly in waters that are shallower than those inhabited by
striped dolphins (Notarbartolo di Sciara et al., 1993). The
analyses confirm that bathymetry has a differential effect
on short-beaked common dolphins and striped dolphins,
but suggest that this effect is because striped dolphins
prefer pelagic waters rather than because short-beaked
common dolphins prefer neritic areas. Although this fac-
tor has little differential effect on short-beaked common
dolphins, it would appear that it has the opposite effect
on striped dolphins and bottlenose dolphins. This hypoth-
esis is based on the fact that bathymetry was not includ-
ed in the short-beaked common dolphin model, whereas
the differential favourability model for striped dolphins
included deeper waters and the model for bottlenose dol-
phins included shallower waters. This hypothesis should
be tested with further studies.

The differential favourability model for short-beaked
common dolphins included the effect of geographical
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longitude showing that differential favourability increas-
es to the west. In fact, in recent decades, the short-beaked
common dolphin population has decreased in the Western
Mediterranean Sea, but maintains the highest abundance
in the Alboran Sea in the westernmost part of the Med-
iterranean Sea (Forcada & Hammond, 1998; Karamitros
et al., 2020; Notarbartolo di Sciara, 2002; Bearzi et al.,
2003; Canadas & Hammond, 2008). It has been report-
ed that the Alboran Sea supports a large population of
short-beaked common dolphins (Forcada & Hammond
1998; Notarbartolo di Sciara, 2002; Bearzi et al., 2003;
Canadas & Hammond, 2008). Moreover, within the Al-
boran Sea, the abundance of short-beaked common dol-
phins increases from east to west (Bellido et al., 2012).
The western part of the Alboran Sea has cooler waters
and so this geographical pattern could be related to this
species’ preference for cool waters (Reilly & Fiedler,
1994). Previous studies have shown that cool waters in
this area are related to the distribution of its prey (Cafia-
das & Vazquez, 2017). The results show that the Alboran
Sea is the area with the highest differential favourability
for short-beaked common dolphins (Fig. 6A).

Such differential favourability for this species de-
creases near to main shipping routes. This effect is more
evident in the Alboran Sea (see Fig. 5B) and is of par-
ticular concern because this area is the most favourable
area for this species and has a high density of shipping
routes. In summary, shipping routes have a differential
negative anthropogenic effect on short-beaked common
dolphins -which is the most threatened dolphin species in
the Mediterranean- and an even more pronounced effect
in this most critical of areas.

Differential distribution of striped dolphins

Striped dolphins are the most abundant dolphin spe-
cies in the Mediterranean Sea (Goémez de Segura et al.,
2006; Notarbartolo di Sciara & Birkun, 2010) and their
population is increasing (Cotté et al., 2010; Panigada et
al.,2011; Azzellino et al., 2012). This species is the most
sighted dolphin in our dataset and in other studies (e.g.
see Gannier, 2005). Moreover, this species has the broad-
est and most ubiquitous distribution, which has led sev-
eral authors to suggest that striped dolphins have weak
habitat preferences (Gordon et al., 2000; Panigada et al.,
2008; Cotté et al., 2010; Azzellino et al., 2012). Our re-
sults also suggest that this species has the broadest dis-
tribution, given that the largest fuzzy set of differentially
favourable locations was obtained for striped dolphins
(Table 2). However, the results contradict the suggestion
that this species has weak habitat preferences, because
striped dolphins had a differential response to MSR (fa-
vourability increases near shipping routes), bathymetry
(a preference for locations above deeper waters), season
(the highest favourability is in summer), and longitude
(favourability increases in the east).

The differential response of striped dolphins to ba-
thymetry underlines its pelagic habitat preference, as
reported in other studies conducted in different areas of
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the Western Mediterranean Sea, such as the Northwestern
Mediterranean sea (Gordon et al., 2000; Panigada et al.,
2008; Azzelino et al., 2012), the Alboran Sea (Cafiadas
et al., 2002; Giménez et al., 2017a), the Northern Ion-
ian Sea (Carlucci et al., 2016), the Spanish Levantine
coast (Gomez de Segura et al., 2008), and in other areas
in the Mediterranean basins such as the Gulf of Corinth
(Bearzi et al., 2016). According to the dataset analysed,
this species was sighted in waters with an average depth
of 1450.44 + 805.82 m. Kiszka et al. (2007) also found
that there were more short-beaked common dolphins in
the oceanic waters of the Bay of Biscay. These results
are also in agreement with those of Gordon et al. (2000),
who observed that striped dolphins are more abundant in
offshore waters, with a peak between 2000 m and 2500
m in the Ligurian Sea. In general, striped dolphins are
more frequent in open sea, whereas short-beaked com-
mon dolphins and bottlenose dolphins are more frequent
closer to the coast and on the shelf, respectively (Ganier,
2005). Azzellino et al. (2012) found a direct correlation
between the presence of striped dolphins in the Pelagos
Sanctuary and maximum depth and minimum slope, thus
showing the preference of these animals for pelagic wa-
ters, although they were also found in the area of the con-
tinental slope and shelf (Azzellino et al., 2012; Arcangeli
etal.,2017).

Carlucci et al. (2016) found no significant association
between commercial vessels and this species. This result
could be due to the small size of their study area, although
they did find significant associations between other an-
thropogenic variables and striped dolphins. We found that
differential favourability for striped dolphins was higher
closer to shipping routes, although this result does not im-
ply that shipping routes favour the presence of this spe-
cies. Rather, shipping routes have less differential effect
on striped dolphins than on the other two dolphin species.

Favourability for striped dolphins was higher in sum-
mer, followed by spring, which is line with observations
in the Ligurian Sea by Laran et al. (2010) and Panigada et
al. (2011). Further research is needed on the relationship
between this temporal pattern and the phenology and mi-
gration patterns of this species.

Differential distribution of bottlenose dolphins

The variables in the bottlenose dolphin model were
bathymetry, season, and longitude. Higher differential
favourability was obtained in shallower waters, showing
that this species is neritic in the Western Mediterranean
Sea, where it has been mainly recorded on the continen-
tal shelf (Gannier, 2005; Gémez de Segura et al., 2008;
Arcangeli et al., 2017). The strong influence of depth on
this species is well established, given that this species is
known to prefer shallow waters (Forcada et al., 2004:
Canadas & Hammond 2006; Alessi & Fiori 2014; Carluc-
ci et al., 2016). According to Azzellino et al. (2012), as
maximum depth increases, the probability of bottlenose
presence decreases. The habitat preferences of bottlenose
dolphins are associated with coastal areas and depths of
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less than 400 m in the Pelagos Sanctuary and in the North
Tyrrhenian Sea area (Azzellino et al., 2012). In the OS
dataset analysed, the mean depth under the locations of
bottlenose dolphin sightings was 540 m. However, dis-
tance to the coast was not a significant variable in any of
the models, which suggests that the differential presence
of bottlenose dolphins in coastal areas was not due to the
effect of emerged areas, but to the effect of bathymetry.

This model also showed a higher differential favour-
ability for bottlenose dolphins in the east. However, its
highest differential favourability was around the Balearic
Islands, where 65% of the OS of this species occurred
(Fig. 2 and Fig. 7C).

Bottlenose dolphin sightings were differentially fa-
voured in winter and autumn. Similar seasonal changes
have been previously observed for this species in Med-
iterranean areas (Forcada et al., 2004). Further research
is needed on this seasonality pattern to assess if summer
tourism activities may negatively impact bottlenose dol-
phin habitats and trigger a differential temporal response
in this species.

Analysis of the fuzzy set of differential favourability

The fuzzy overlap index shows that the greatest over-
lap in differential spatio-temporal distributions was be-
tween short-beaked common dolphins and the other two
species. In addition to the fact that short-beaked common
dolphins also had the highest entropy (Table 2), this result
suggests that they may be more easily sighted in areas
that are favourable for other dolphin species. In fact, this
outcome can be observed in Fig. 7. Although the distribu-
tion range of short-beaked common dolphins could be in-
fluenced by the habitat preferences of striped dolphins—
as has been suggested to occur in other areas (Bearzi et
al., 2016) —short-beaked common dolphins have a broad
variety of feeding behaviour according to habitat. This
aspect has been proposed as evidence of their generalist
behaviour (Santos et al., 2013) and is supported by the
high entropy value obtained for this species.

Bearzi (2005) found that striped dolphins display op-
portunistic behaviour as well as the weakest response to
environmental variables compared to that of other dol-
phin species (Reilly & Fiedler, 1994). According to these
results, striped dolphins would be less affected by hab-
itat changes and would have higher entropy values. In
fact, we found that the entropy value for striped dolphins
was close to that of short-beaked common dolphins and
much higher than that of bottlenose dolphins (Table 2).
The fuzzy set of differentially favourable locations was
largest for striped dolphins, with the highest cardinal (Ta-
ble 2) for the three species, which indicates that overall
conditions are more differentially favourable for striped
dolphins in the Western Mediterranean Sea.

Finally, bottlenose dolphins in the Western Mediter-
ranean Sea had the lowest entropy value. This result sug-
gests that the differential biogeographical response was
more pronounced in bottlenose dolphins (which have
more specialist behaviour) than in the other two species.
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Azzellino et al. (2014) found the highest correlation be-
tween this species and the dynamics of the fishery sector
in the Pelagos Sanctuary, which they associated with the
species opportunistically taking advantage of fisheries
discard. However, this behaviour may result in a more
constrained distribution pattern and, thus, a lower entro-
py value in the differential distribution pattern.

Further research and monitoring are needed, especial-
ly in the southern part of the study area, which has been
generally overlooked. However, in the current context of
climate change (Gambaiani et al., 2009) and the under-re-
sourcing of marine research (Richardson & Poloczanska,
2008), any kind of distribution data, such as opportunis-
tic sightings, is of great value. Our approach shows that
valuable information may be extracted from these data, if
they are correctly analysed.

Acknowledgements

We would thank the IEO scientists and the captains
and crews of the different research vessels involved in
the on-board observation program of the IEO and the on-
board scientific observers on fishing boats that provided
the cetacean observations used in this study.

References

Acevedo, P., Real, R., 2012. Favourability: concept, distinctive
characteristics and potential usefulness. Die Naturwissen-
schaften, 99, 515-522.

Acevedo, P., Ward, A.L,, Real, R., Smith, G.C., 2010. Assessing
biogeographical relationships of ecologically related spe-
cies using favourability functions: A case study on British
deer. Diversity and Distributions, 16, 515-528.

Aguilar, A., Gaspari, S., 2012. Stenella coeruleoalba (Mediter-
ranean subpopulation). The IUCN Red List of Threatened
Species, Version 2014.3. www.iucnredlist.org. (Accessed
28 December 2014).

Akaike, H., 1973. Information theory as an extension of the
maximum likelihood principle. p. 267-281. In: Proceed-
ings of the Second International Symposium on Information
Theory. Petrov, B.N., Csaki, F. (Eds). Akademiai Kiado,
Budapest.

Alessi, J., Fiori, C., 2014. From science to policy-a geostatis-
tical approach to identifying potential areas for cetacean
conservation: A case study of bottlenose dolphins in the
Pelagos sanctuary (Mediterranean Sea). Journal of Coastal
Conservation, 18, 449-458.

Anderson, R.P., Lew, D., Peterson, A.T., 2003. Evaluating pre-
dictive models of species’ distributions: criteria for select-
ing optimal models. Ecological Modelling, 162, 211-232.

Anderwald, P., Haberlin, M.D., Coleman, M., O’Cadhla, O.,
2012. Seasonal trends and spatial differences in marine
mammal occurrence in Broadhaven Bay, north-west Ire-
land. Journal of the Marine Biological Association of the
United Kingdom, 92 (8), 1757-1766.

Arcangeli, A., Campana, 1., Bologna, M.A., 2017. Influence of
seasonality on cetacean diversity, abundance, distribution

46

and habitat use in the western Mediterranean Sea: Implica-
tions for conservation. Aquatic Conservation: Marine and
Freshwater Ecosystems, 27 (5), 995-1010.

Azzellino, A., Panigada, S., Lanfredi, C., Zanardelli, M., Airol-
di, S. et al., 2012. Predictive habitat models for managing
marine areas: Spatial and temporal distribution of marine
mammals within the Pelagos Sanctuary (Northwestern
Mediterranean sea). Ocean & Coastal Management, 67,
63-74.

Azzellino, A., Fossi, M.C., Gaspari, S. Lanfredi, C., Lauriano,
G. et al., 2014. An index based on the biodiversity of ceta-
cean species to assess the environmental status of marine
ecosystems. Marine Environmental Research, 100, 94-111.

Barbosa, A.M., Real, R., Marquez A.L., Rendon, M.A., 2001.
Spatial, environmental and human influences on the distri-
bution of otter (Lutra lutra) in the Spanish provinces. Di-
versity and Distributions, 7, 137-144.

Barbosa, A.M., Real, R., Mufioz, A.R., Brown, J.A., 2013. New
measures for assessing model equilibrium and prediction
mismatch in species distribution models. Diversity and Dis-
tributions, 19, 1333-1338.

Bearzi, G., 2003. Delphinus delphis (Mediterranean subpop-
ulation). The IUCN Red List of Threatened Species, Ver-
sion 2014.3. www.iucnredlist.org (Accessed 28 December
2014).

Bearzi, M., 2005. Dolphin sympatric ecology, Marine Biology
Research, 1 (3), 165-175.

Bearzi, G., Reeves, R., Notarbartolo di Sciara, G., Politi, E.,
Canadas, A. et al., 2003. Ecology, status and conservation
of short-beaked common dolphins Delphinus delphis in the
Mediterranean Sea. Mammal Review, 33 (3), 224-252.

Bearzi, G., Agazzi, S., Gonzalvo, J., Costa, M., Bonizzoni, S.
et al., 2008. Overfishing and the disappearance of short-
beaked common dolphins from western Greece. Endan-
gered Species Research, 5, 1-12.

Bearzi, G., Fortuna, C., Reeves, R., 2012. Tursiops truncatus
(Mediterranean subpopulation). The IUCN Red List of
Threatened Species, Version 2014.3. www.iucnredlist.org
(Accessed 24 December 2014).

Bearzi, G., Bonizzoni, S., Santostasi, N.L., Furey, N.B., Eddy,
L. et al., 2016. Dolphins in a Scaled-Down Mediterranean:
The Gulf of Corinth’s Odontocetes. Advances in Marine Bi-
ology, 75,297-331.

Bellido, J., Baez, J., Ledn, D., Castillo, J., Martin, J. et al.,
2012. Geographical trends of the common dolphin (Del-
phinus delphis) in Andalusian coastal waters inferred from
stranding data. Life and Environment, 62 (2), 87-95.

Borcard, D., Legendre, P., Drapeau, P., 1992. Partialling out
the spatial component of ecological variation. Ecology, 73,
1045-1055.

Canadas, A., Hammond, P., 2006. Model-based abundance es-
timates for bottlenose dolphins off southern Spain: Impli-
cations for conservation and management. Journal of ceta-
cean research and management, 8 (1), 13- 27.

Canadas, A., Hammond, P., 2008. Abundance and habitat pref-
erences of the short-beaked common dolphin Delphinus
delphis in the southwestern Mediterranean: implications for
conservation. Endangered Species Research, 4, 309-331.

Canadas, A., Vazquez, J.A., 2017. Common dolphins in the Al-
boran Sea: Facing a reduction in their suitable habitat due to

Medit. Mar. Sci., 24/1 2023, 34-49



an increase in Sea surface temperature. Deep-Sea Research
Part II: Topical Studies in Oceanography, 141, 306-318.

Cafiadas, A., Sagarminaga, R., Garcia-Tiscar, S., 2002. Ceta-
cean distribution related with depth and slope in the Med-
iterranean waters off southern Spain. Deep Sea Research
Part I: Oceanographic Research Papers, 49,2053-2073.

Carlucci, R., Fanizza, C., Cipriano, G., Paoli, C., Russo, T. et
al., 2016. Modeling the spatial distribution of the striped
dolphin (Stenella coeruleoalba) and common bottlenose
dolphin (Tursiops truncatus) in the Gulf of Taranto (North-
ern Jonian Sea, Central-eastern Mediterranean Sea). Eco-
logical Indicators, 69, 707-721.

Coomber, F.G., D’ Inca, M., Rosso, M., Tepsich, P., Notabartolo
di Sciara, G. et al., 2016. Description of the vessel traffic
within the north Pelagos Sanctuary: inputs for marine spa-
tial planning and management implications within an ex-
isting international marine protected area. Marine Policy,
69, 102-113.

Cotté, C., Guinet, C., Taupier-Letage, 1., Petiau, E., 2010. Hab-
itat use and abundance of striped dolphins in the western
Mediterranean Sea prior to the morbillivirus epizootic re-
surgence. Endangered Species Research, 12,203-214.

Dubois, D., Prade, H., 1980. Fuzzy sets and systems: theory and
applications. Academic Press, New York. 411 pp.

Dwyer, S.L., Pawley, M.D.M., Clement, D.M., Stockin, K.A.,
2020. Modelling habitat use suggests static spatial exclu-
sion zones are a non-optimal management tool for a highly
mobile marine mammal. Marine Biology, 167, 62.

Elith, J., Leathwick, J.R., 2009. Species Distribution Models:
Ecological Explanation and Prediction Across Space and
Time. Annual Review of Ecology, Evolution, and Systemat-
ics, 40 (1), 677-697.

Espada, R., Olaya-Ponzone, L., Haasova, L., Martin, E.,
Garcia-Gomez, J.C., 2019. Hybridization in the wild be-
tween Tursiops truncates (Montagu 1821) and Delphinus
delphis (Linnaeus 1758). PLoS ONE, 14(4), ¢0215020.

Fielding, A.H., Bell, J.F., 1997. A review of methods for the
assessment of prediction errors in conservation presence/
absence models. Environmental Conservation, 24, 38-49.

Forcada, J., Hammond, P., 1998. Geographical variation in
abundance of striped and common dolphins of the western
Mediterranean. Journal of Sea Research, 39, 313-325.

Forcada, J., Gazo, M., Aguilar, A., Gonzalvo, J., Fernan-
dez-Contreras, M., 2004 Bottlenose dolphin abundance in
the NW Mediterranean: Addressing heterogeneity in distri-
bution. Marine Ecology Progress Series, 275, 275-287.

Gambaiani, D.D., Mayol, P, Isaac, S.J., Simmonds, M.P., 2009.
Potential impacts of climate change and greenhouse gas
emissions on Mediterranean marine ecosystems and ceta-
ceans. Journal of the Marine Biological Association of the
United Kingdom, 89, 179-201.

Gannier, A., 2005. Summer distribution and relative abundance
of delphinids in the Mediterranean Sea. Revue d’écologie
(la terre et la vie), 60 (3), 223-238.

Giménez, J., Canadas, A., Ramirez, F., Afan, 1., Garcia-Tiscar,
S. et al., 2017a. Intra- and interspecific niche partitioning in
striped and common dolphins inhabiting the southwestern
Mediterranean Sea. Marine Ecology Progress Series, 567,
199-210.

Giménez, J., Margalo, A., Ramirez, F., Verborgh, P., Gauffier, P.

Medit. Mar. Sci., 24/1 2023, 34-49

et al., 2017b. Diet of bottlenose dolphins (Tursiops trunca-
tus) from the Gulf of Cadiz: In- sights from stomach content
and stable isotope analyses. PLoS One, 12, ¢0184673.

Giménez, J., Canadas, A., Ramirez, F., Afan, 1., Fernandez-Mal-
donado, C. et al., 2018a. Living apart together: niche par-
titioning among Alboran Sea cetaceans. Ecological Indica-
tors, 95, 32-40.

Giménez, J., Margalo, A., Garcia-Polo, M., Garcia-Baron, 1.,
Castillo, J.J. et al., 2018b. Feeding ecology of Mediterrane-
an common dolphins: the importance of mesopelagic fish in
the diet of an endangered subpopulation. Marine Mammal
Science, 34 (1), 136-154.

Gnone, G., Bellingeri, M., Dhermain, F., Dupraz, F., Nuti, S.
et al., 2011. Distribution, abundance, and movements of
the bottlenose dolphin (7ursiops truncatus) in the Pelagos
Sanctuary MPA (northwest Mediterranean Sea). Aquatic
Conservation: Marine and Freshwater Ecosystems, 21,
372-388.

Goffredo, S., Dubinsky, Z., 2014. The Mediterranean Sea: Its
history and present challenges. Springer, Dordrecht, The
Netherlands, 678 pp.

Gomez de Segura, A., Crespo, E., Pedraza, S., Hammond, P.,
Raga, J., 2006. Abundance of small cetaceans in waters of
the central Spanish Mediterranean. Marine Biology, 150,
149-160.

Gomez de Segura, A., Hammond, P., Raga, J., 2008. Influence
of environmental factors on small cetacean distribution in
the Spanish Mediterranean. Marine Biological Association
of the United Kingdom, 88 (6), 1185-1192.

Gordon, J.C.D., Matthews, J.N., Panigada, S., Gannier, A., Bor-
sani, JE., et al., 2000. Distribution and relative abundance
of striped dolphins, and distribution of sperm whales in the
Ligurian Sea cetacean sanctuary: results from a collabora-
tion using acoustic monitoring techniques. Journal of Ceta-
cean Research and Management, 2 (1), 27-36.

Gouveia, S.F., Rubalcaba, J.G., Soukhovolsky, V., Tarasova,
O., Barbosa, A.M. et al., 2020. Ecophysics reload - explor-
ing applications of theoretical physics in macroecology.
Ecological Modelling, 424, 109032.

Guisan, A., Zimmermann, N., 2000 Predictive habitat distribu-
tion models in ecology. Ecological Modelling, 135 (2-3),
147-186.

Herzing, D.L., Elliser, C.R., 2013. Directionality of Sexual Ac-
tivities During Mixed-Species Encounters between Atlantic
Spotted Dolphins (Stenella frontalis) and Bottlenose Dol-
phins (Tursiops truncatus). International Journal of Com-
parative Psychology, 26, 124-134.

Hosmer, D., Lemeshow, S., 2000. Applied Logistic Regres-
sion, 2" Edition, Wiley & Sons Inc., Chichester, New York,
392pp.

Hooker, S.K., Whitehead, H., Gowans, S., 1999. Marine pro-
tected area design and the spatial and temporal distribution
of cetaceans in a submarine canyon. Conservation biology,
13 (3), 592-602.

Hutchinson, G.E., 1957. Concluding remarks. Cold Spring
Harbor Symposia on Quantitative Biology, 22 (2), 415-427.

Hutchinson, G.E., 1961. The paradox of the plankton. The
American Naturalist, 95, 137-145.

Karamitros, G., Gkafas, G.A., Giantsis, I.A., Martsikalis, P.,
Kavouras, M. et al., 2020. Model-Based Distribution and

47



Abundance of Three Delphinidae in the Mediterranean. An-
imals, 10 (2), 260.

Kiszka, J., Macleod, K., Van Canneyt, O., Walker, D., Ridoux,
V., 2007. Distribution, encounter rates, and habitat char-
acteristics of toothed cetaceans in the Bay of Biscay and
adjacent waters from platform-of-opportunity Data. /CES
Journal of Marine Science, 64, 1033-1043.

Kosko, B., 1986. Fuzzy entropy and conditioning. Information
Sciences, 40, 165-174.

Kunchenva, L.I., 2001. Using measures of similarity and in-
clusion for multiple classifier fusion by decision templates.
Fuzzy Sets and Systems, 122, 401-407.

Lambert, C., Laran, S., David, L., Doremus, G., Pettex, E. et al.,
2017. How does ocean seasonality drive habitat preferences
of highly mobile top predators? Part I: The north-western
Mediterranean Sea. Deep Sea Research Part II: Topical
Studies in Oceanography, 141, 115-132.

Laran, S., Drouot-Dulau, V., 2007. Seasonal variation of striped
dolphins, fin- and sperm whales’ abundance in the Ligurian
Sea (Mediterranean Sea). Journal of the Marine Biological
Association of the United Kingdom, 87, 345-352.

Laran, S., Joiris, C., Gannier, A., Kenney, R.D., 2010. Seasonal
estimates of densities and predation rates of cetaceans in the
Ligurian Sea, northwestern Mediterranean Sea: An initial
examination. Journal of Cetacean Research and Manage-
ment, 11 (1), 31-40.

Legendre, P., 1993. Spatial autocorrelation: Trouble or new par-
adigm? Ecology, 74, 1659-1673.

Legendre, P., Fortin, M.J., 1989. Spatial pattern and ecological
analysis. Vegetatio, 80, 107-138.

Lobo, J., Jiménez-Valverde, A., Real, R., 2008. AUC: A mis-
leading measure of the performance of predictive distribu-
tion models. Global Ecology and Biogeography, 17, 145-
151.

MacLeod, C.D., Weir, C.R., Santos, M.B., Dunn, T.E., 2008.
Temperature-based summer habitat partitioning between
white-beaked and common dolphins around the United
Kingdom and Republic of Ireland. Journal of the Marine
Biological Association of the United Kingdom, 88 (6),
1193-1198.

Maguire, B. Jr., 1973. Niche response structure and the analyt-
ical potentials of its relationship to the habitat. American
Naturalist, 107, 213-246.

Meléndez, M.J., Béez, J.C., Serna-Quintero, J.M., Camifas,
J.A., de Loyola Fernandez, I. et al., 2017. Historical and
ecological drivers of the spatial pattern of Chondrichthyes
species richness in the Mediterranean Sea. PLoS ONE, 12
(4), e0175699.

McClellan, C., Brereton, T., Dell’ Amico, F., Johns, D., Cuck-
nell, A. et al., 2014. Understanding the Distribution of Ma-
rine Megafauna in the English Channel Region: Identifying
Key Habitats for Conservation within the Busiest Seaway
on Earth. PLoSONE, 9 (2), e89720.

Mira, F., Rubio-Guerri, C., Purpari, G., Puleio, R., Caracappa,
G. et al., 2019. Circulation of a novel strain of dolphin mor-
billivirus (DMV) in stranded cetaceans in the Mediterrane-
an Sea. Scientific Reports, 9, 9792.

Notarbartolo di Sciara, G., 2002. Cetaceans of the Mediterra-
nean and Black Seas: State of Knowledge and Conservation
Strategies. Cetacean Species occurring in the Mediterrane-

48

an and Black Seas. A Report to the ACCOBAMS Secretar-
iat, Section 3, 17 pp.

Notarbartolo di Sciara, G., Birkun, A., 2010. Conserving
whales, dolphins and porpoises in the Mediterranean and
Black Sea. An ACCOBAMS status report, 212 pp.

Notarbartolo di Sciara, G., Venturino, M.C., Zanardelli, M.,
Bearzi, G., Borsani, J.F. ef al., 1993. Cetaceans in the cen-
tral Mediterranean Sea: distribution and sighting frequen-
cies. Bollettino di Zoologia, 60, 131-138.

Notarbartolo di Sciara, G., Agardy, T, Hyrenbach, D., Scovazzi,
T., Van Klaveren, P., 2008. The Pelagos Sanctuary for Med-
iterranean marine mammals. Aquatic conservation: Marine
and freshwater ecosystems, 18, 367-391.

Olivero, J., Real, R., Marquez, A.L., 2011. Fuzzy chorotypes
as a conceptual tool to improve insight into biogeographic
patterns. Systematic Biology, 60, 645-660.

Olivero, J., Fa, J.E., Real, R., Marquez, A.L., Farfan, M.A. et
al., 2017. Recent loss of closed forests is associated with
Ebola virus disease outbreaks. Scientific Reports, 7, 14291.

Panigada, S., Zanardelli, M., MacKezie, M., Donovan, C.,
Mélin, F. et al., 2008. Modelling habitat preferences for
fin whales and striped dolphins in the Pelagos Sanctuary
(Western Mediterranean Sea) with physiographic and re-
mote sensing variables. Remote Sensing of Environment,
112, 3400-3412.

Panigada, S., Lauriano, G., Burt, L., Pierantonio, N., Donovan,
G., 2011. Monitoring winter and summer abundance of ce-
taceans in the Pelagos Sanctuary (northwestern Mediterra-
nean Sea) through aerial surveys. PIoSONE, 6 (7), €22878.

Pearson, R.G., 2007. Species’ Distribution Modeling for Con-
servation Educators and Practitioners. Synthesis. Lessons in
Conservation, 3, 54-89.

Peng, C., Lee, K., Ingersoll, G., 2002. An Introduction to Logis-
tic Regression Analysis and Reporting. The Journal of Edu-
cational Research, 91 (1), 3-14.

Pikesley, S.K., Witt, M.J., Hardy, T., Loveridge, J., Loveridge,
J. et al., 2012. Cetacean sightings and strandings: evidence
for spatial and temporal trends? Journal of the Marine Bio-
logical Association UK., 92 (8), 1809-1820.

Praca, E, Gannier, A., Das, K., Laran, S., 2009. Modelling the
habitat suitability of cetaceans: Example of the sperm whale
in the northwestern Mediterranean Sea. Deep Sea Research
Part I: Oceanographic Research Papers, 56, 648-657.

Real, R., Barbosa, A.M., Porras, D., Kin, M.S., Marquez, A.L.
et al., 2003. Relative importance of environment, human
activity and spatial situation in determining the distribution
of terrestrial mammal diversity in Argentina. Journal of Bi-
ogeography, 30, 939-947.

Real, R., Barbosa, A., Vargas, J., 2006a. Obtaining environ-
mental favourability functions from logistic regression. En-
vironmental and Ecological Statistics, 13, 237-245.

Real, R., Estrada, A., Barbosa, A.M., Vargas, J.M., 2006b. Apli-
cacion de la 16gica difusa al concepto de rareza para su uso
en Gap Analysis: El caso de los mamiferos terrestres en An-
dalucia. Serie Geogrdfica, 13, 99-116.

Real, R., Barbosa, A.M., Rodriguez, A., Garcia, F.J., Vargas,
J.M. et al., 2009. Conservation biogeography of ecological-
ly interacting species: the case of the Iberian lynx and the
European Rabbit. Diversity and Distributions, 15, 390-400.

Real, R., Barbosa, A.M., Bull, J.W., 2017. Species Distribu-

Medit. Mar. Sci., 24/1 2023, 34-49



tions, Quantum Theory, and the Enhancement of Biodiver-
sity Measures. Systematic Biology, 66, 453-462.

Real, R., Baez, J.C., Fa, J.E., Olvero, J., Acevedo, P., 2022.
Making the Competitive Exclusion Principle Operational at
the Biogeographical Scale using Fuzzy Logic. Frontiers in
Ecology and Evolution, 10, 991344.

Reilly, S.B., Fiedler, P.C., 1994. Interannual variability of dol-
phin habitats in the eastern tropical Pacific. I: Research ves-
sel surveys, 1986-1990. Fisheries Bulletin, 92, 434-450.

Reino, L., Ferreira, M., Martinez-Solano, I., Segurado, P., Xu,
C., Barbosa, M.A., 2017. Favourable areas for co-occur-
rence of parapatric species: niche conservatism and niche
divergence in Iberian tree frogs and midwife toads. Journal
of Biogeography, 44, 88-98.

Richardson, A.J., Poloczanska, E.S., 2008. Under-resourced,
under threat. Science, 320, 1294-1295.

Robertson, M.P., Villet, M.H., Palmer, A.R., 2004. A fuzzy clas-
sification technique for predicting species’ distributions:
Applications using invasive alien plants and indigenous in-

Supplementary Data

sects. Diversity and Distributions, 10, 461-474.

Salski, A., 2006. Ecological Applications of Fuzzy Logic.
pp. 3-14. In: Ecological Informatics. Recknagel, F. (Ed).
Springer Heidelberg, Berlin.

Santos, M.B., German, I., Correia, D., Read, F.L., Martinez, J.
et al.,2013. Long-term variation in common dolphin diet in
relation to prey abundance. Marine Ecology Progress Se-
ries, 481, 249-268.

Torreblanca, E., Camifas, J.A., Macias, D., Garcia-Barcelona,
S., Real, R. et al., 2019. Using opportunistic sightings to
infer differential spatio-temporal use of western Mediterra-
nean waters by the fin whale. PeerJ, 7, ¢6673.

UNEP-MAP-RAC/SPA, 2010. Overview of scientific findings
and criteria relevant to identifying SPAMIs in the Mediter-
ranean open seas, including the deep sea. http:// bit.ly/1W-
8jste (Accessed 16 December 2022).

Zadeh, L.A., 1965. Fuzzy sets. Information and Control, 8,
338-353.

The following supplementary information is available online for the article:

Table S1. Dataset.

Medit. Mar. Sci., 24/1 2023, 34-49

49


http://www.tcpdf.org

